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Clothing Style Recognition Approach Based on the
Curvature Feature Points on the Contour
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Abstract: A novel recognition approach for clothing style is explored based on the characteristic that the
geometry features of clothing contour curves depend on the points of curvature extreme value. These
points of curvature extreme value are extracted as a feature vector, and finally classified by a proper
method. For the classification method, two classical ones are compared: template matching based on the
Hausdor{f distance (Hausdor{{) and support vector machines(SVM) classifier. The experimental results
show that SVM can achieve a recognition rate above 86%, which is slightly higher than that of
Hausdorff, while the recognition speed of SVM is much higher that of Hausdor{{. Therefore, the SVM is
finally accepted as the classifier in the novel recognition approach.
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Fig. 1 Flow chart of the novel recognition approach of
clothing style
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2 Fig. 3  Typical samples of clothing style and their
contour
Fig.2 Pretreatment process of clothing images
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Fig. 5 The curvature feature points set of typical
samples of clothing style
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Table 2  Gross recognition results
/% /ms
Hausdorff 84.00 72.54
SVM 86. 46 0. 36
3
Table 3 Recognition results for each style
7 SVM /%
Fig.7 Flow chart of the SVM classification system Hausdorff SVM
1 T 100. 00 100. 00
4 2 T 74.00 78.00
3 86. 00 75.00
Matlab R2014a 4 58. 00 74.75
., DELL Inspiron 14—5439 5 65. 00 77.50
(Intel (R) Core (TM) i5—4200CPU, 2. 3 6 100.00 100.00
. n . 7 100. 00 100. 00
GHz, 4GB RAM) s Win 7,
’ 3 ,SVM Hausdorff
600 , T . 100% ,
, T T T
A ( A ) (65%~86%),
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Table 1 Database of clothing images
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