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Fabric defect detection based on gray — level gradient co — occurrence matrix and SVDD
WANG Mengtao LI Yueyang DU Shuai JIANG Gaoming LUO Haichi
( Engineering Research Center for Knitting Technology Ministry of Education Jiangnan University Wuxi 214122 China)

Abstract: Fabric defect detection is one of the key links in the quality control of modern textile industry products
and has important practical significance for ensuring the quality of textiles. Based on this a detection method
combining gray-evel gradient co-occurrence matrix ( GGCM) and single classifier ( SVDD) is proposed in this paper.
In the method firstly adaptive median filtering and homomorphic filtering were used to preprocess the original fabric
image to eliminate the impacts of illumination unevenness and noise on the image and then GGCM was used to
extract 15 eigenvalues from the images after preprocessing. The eigenvalues were then combined to form a feature
vector which was normalized and sent to the single classifier SVDD for training and testing. The experimental results
showed that: with this method for defect detection the test accuracy rate could reach 97% and the missed detection
rate and the false detection rate were 4. 5% and 1.4% respectively. Thus the proposed method has a very good
detection effect.

Key words: defect detection; support vector domain description; gray-evel gradient co-occurrence matrix; adaptive

median filtering; homomorphic filtering
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